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Regularized inversion of 3D gravity data.a new GPU parallelized method based on CUDA

LI Wu-Yang"? ,ZHANG Jian"* LIN Wei’
100049 ; 2.Key Laboratory of Computational Geodynamics,Chinese Acade-

(1. College of Earth Science ,University of Chinese Academy of Sciences , Beijing
100049 ; 3.Department of Geology and Geophysics , University of Utah ,Salt Lake City

my of Sciences , Beijing

84112)

Abstract: We introduce a new 3D parallelgravity inversion method based on CUDA GPU in PGI Fortran, which could be used in PCs

and Laptops with NVDIA graphic cards to accelerate iteration speed for Re-Weight Regularized Conjugate Gradient method up to

hundreds times.Storage and threads optimization was made for visual OS, leading a more than 0.1 billion cell’s number for inversion in

PCs.The result of model study shows that this method is an efficient and believable parallel computing algorithm.

Key words: gravity ;3D inversion; GPU;CUDA; parallel computing; RCG method
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