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Evaluation of Regional Landslide Susceptibility Assessment Based on BP Neural Network
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Abstract: The evaluation of regional landslide susceptibility is the basis of regional landslide haz-
ard assessment and regional landslide risk assessment. Combined with the field geological survey
data of Yining County in Xinjiang, the controlling factors of landslide in the study area are ana-
lyzed by using data mining technology. which can be used as the criteria for selecting disaster cau-
sing factors. The BP neural network model is used to build the prediction model of regional land-
slide susceptibility. The trained BP neural network model is combined with the DEM data and re-
mote sensing interpretation data of the whole study area to obtain the landslide hazard susceptibil-
ity zoning map of the study area, which provides a certain reference for the local regional land-
slide prevention and governance decision-making.
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Fig. 1 Location of study area
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Fig. 2 Stratigraphic lithology and structure map
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Fig. 3

(a) Remote sensing image of the study area and (b) distribution map of valley evolution stages

in the selected key study area
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Tab. 1 Classification and main characteristics of valley evolution stages in key research areas
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Fig. 4 Landslide slope distribution percentage
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Fig. 5 Relationship between safety factor and

slope under different slope height
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Tab. 2 Detailed data sources and selection principles of disaster causing factors
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Fig. 8 distribution of nine disaster causing factors
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Fig. 9 BP neural network model structure
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