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A REMOTE SENSING APPROACH TO THE DEPTH
OF THE HIGHLY CONCENTRATED SALT LAKE

TIAN Shu - fang' HONG You —tang' QIN Xu —wen'’
1. China University of Geosciences Beijing 100083 China 2. China Geological Survey Beijing 100011 China

Abstract Based on the theory of water remote sensing this paper has reached the conclusion that TM3 band is the
optimum band in investigating the depth of the salt lake by means of correlation analysis. A quantitative analysis
was also conducted on the depth of the highly concentrated Zabuye Salt Lake and the result obtained reveals the
spatial variation regularity of the water depth of this lake. On such a basis the remote sensing mechanism and the
remote sensing model of the water depth of the highly concentrated salt lake are built in the paper.
Key words Water depth Remote sensing Correlation analysis Model
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THE MULTIVARIATE DATA ANALYSIS AND THE
MODEL FOR EXTRACTING REMOTE SENSING
MINERALIZATION AND ALTERATION INFORMATION

WU De —wen' > ZHU Gu — chang” ZHANG Yuan —fei’ YUAN Ji — ming’
1. China University of Geosciences Beijing 100083 China 2. China Non — ferrous Metals Resource Geological Survey Bei-
Jing 100814  China 3. Guilin Research Institute of Geology for Mineral Resources Guilin 541004 China

Abstract The spectral behavior of altered minerals leads to the spectral characteristics of altered rocks. Using the
multivariate data analysis of typical rocks the relation between the components of altered minerals and spectral data
can be estimated qualitatively and quantitatively and hence a model for extracting remote sensing information of
mineralization and alteration can be established. Using the spectral data obtained in field and chemical analysis data
of typical rock ore samples in a gold polymetallic mineralization belt in Qinghai the authors studied the model
for extraction of remote sensing information of mineralization and alteration on the basis of multivariate data analy-
sis and established a linear regression model of ratio combination whose application effect is better than that of the
single ratio method.

Key words Multivariate data analysis Model for extraction of remote sensing information
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