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Tab.1 Features of coastal reclamation objects classes
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Fig.3 Design scheme of test algorithm
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Tab.2 Identification accuracy of coastal reclamation
objects by single feature
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Tab.3 Confusion matrix of object identification by feature

of object perimeter and area ratio
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Tab.4 Confusion matrix of object identification by feature
of B3 gray value average
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Tab.5 Confusion matrix of object identification
by spectral features
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Tab.6 Confusion matrix of object identification
by morphological features
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Tab.7 Confusion matrix of object identification

by ensemble features
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Identification of coastal reclamation from GF -1 imagery using

ensemble classification strategy

WU Junchao'?, LI Liwei’, HU Shengwu'
(1. School of Surveying and Land Information Engineering, Henan Polytechnic University, Jiaozuo 454000, China; 2. Key Laboratory

of Digital Earth Sciences, Institute of Remote Sensing and Digital Earth, Chinese Academy of Sciences, Beijing 100094, China)

Abstract: The coastal reclamation is an important way for people to access marine resources. Monitoring the coastal

reclamation changes is an important task in coastal zone management and coastal zone evolution study. However,
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the coastal reclamation feature is complex, and it is difficult for remote sensing techniques to efficiently monitor
reclamation. In this paper, the authors propose an ensemble classification algorithm for identifying four categories of
reclamation using GF — 1 imagery. The ensemble classification is constructed based on minimum distance algorithm
and 10 features from manually extracted image objects. The 10 features include four mean features of each object in
the four bands of GF — 1 imagery respectively, mean value of the four mean features, object size, object perimeter,
external rectangular area, ratio of object area, external rectangular area, ratio of object perimeter and object area.
The proposed method was extensively tested by using two GF — 1 images from 2013 and 2014. The results show that
the highest accuracy of single feature model is up to 82.03% , and the accuracy of spectral features based ensemble
mode] and that of the spatial features based ensemble model are 63.28% and 87. 50% respectively, and the
accuracy of full feature based ensemble model is 80.47% . This study provides a useful solution for monitoring the
coastal reclamation.

Keywords: coastal reclamation; remote sensing; ensemble classification; object identification
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