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Review of spatiotemporal fusion model of remote sensing data

DONG Wenquan'?, MENG Jihua'
Key Laboratory of Digital Earth Science, Institute of Remote Sensing and Digital Earth, Chinese Academy of Sciences, Beijing
100101, China; 2. University of Chinese Academy of Sciences, Beijing 100049, China)

Abstract ; Taking the interaction between spatial and temporal resolution of remote sensing data into consideration,

the authors hold that there is no satellite sensor that can produce images with both high spatial and temporal

resolution, and spatiotemporal fusion of remote sensing data is an effective method to solve this problem. This paper

introduces main research achievements of spatiotemporal fusion model obtained both in China and abroad. Based on

the comparative analysis of the mainstream fusion models, these models can be divided into two categories, i.e. ,

the transformation — based model and the pixel — reconstruction — based model. Furthermore, the authors divide the

pixel — reconstruction — based model into mixed linear model and spatial and temporal adaptive reflectance model,

and then introduce the basic principles, methods of these models. This paper makes a comparative analysis of the

advantages and disadvantages of various aspects of the model. At last, the data, application and scale prospect of

spatiotemporal fusion models are put forward.

Keywords: remote sensing data; spatiotemporal fusion; model; comparison; prospect

(REHE: 3K )



	c⁄2018-2

