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Fig.2 The modeling workflow of steelmaking monthly production estimation model
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Monthly production estimation model for steel companies based
on inversion of satellite thermal infrared temperature

LI Teya, SONG Yan, YU Xinli, ZHOU Yuanxiu
(School of Geography and Information Engineering, China University of Geosciences( Wuhan) , Wuhan 430000, China)

Abstract; The iron and steel industry is a very important part in economic development. Obtaining the knowledge
of the monthly production of steel companies is conducive to the macro control of the economy and the rational
allocation of resources. In this paper, a monthly production estimation model for steel companies was proposed
based on the grading results of the surface temperature obtained from the inversion of satellite thermal infrared data
as well as the theory and method of landscape pattern indices. The surface temperature anomalous values and the
thermal landscape distribution parameters of steel companies can be calculated according to the vector data of the
spatial framework of steel companies. Based on this and the actual monthly production data of two typical steel
companies in Central China and North China, the estimation model was established through the least — squares
fitting, and the coefficient of determination (R”) of the model was greater than 0.9. According to the posterior
variance test results, the accuracy of the estimation model proposed in this study is level 2. Meanwhile, the actual
production values all fall within the 95% confidence interval of the estimation values. All these comprehensively
reflect the monthly production model proposed in this paper are highly accurate.

Keywords: thermal infrared remote sensing; landscape pattern index; steelmaking monthly production estimation

model; posterior variance test
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