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Tab.1 Statistical characteristics of object pixels
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Research and development of automatic detection technologies for changes in

vegetation regions based on correlation coefficients and feature analysis

PAN Jianping' , XU Yongjie', LI Mingming', HU Yong®, WANG Chunxiao®
(1. School of Civil Engineering, Chongqing Jiaotong University, Chongqing 400074, China; 2. Chongqing Institute of

Surveying and Monitoring for Planning and Natural Resources, Chongqing 401123, China; 3. Hainan Basic

Geographic Information Center, Ministry of Natural Resources, Haikou 570203, China)

Abstract; Surface change detection is an important component of the applications of remote sensing big data.

However, it is essentially subject to manual interactive interpretation in actual production. With this regard, this

paper developed an application method and software for the automatic detection of changes in vegetation regions on

a polygon scale using correlation coefficients and feature analysis. The details are as follows. Correlation coefficients

of surface features were constructed using spectral and textural features, and then the changes in vegetation regions

were detected using the similarity measurement method. According to the analysis of spectral differences between

the vegetation and other types of surface features, the red band ratio was selected to remove spurious changes.

Finally, the change detection software was designed and developed using the . NET framework and the ArcGIS

Engine component library for secondary development. Test data were imported into the software for change

detection. The test results show the accuracy rate and omission rate of the software in the change detection were

94.3% and 8. 5% , respectively. Furthermore, the software has a higher automatic level compared to manual

interactive interpretation. In conclusion, the method and software developed in this study can be widely applied.

Keywords: change detection; correlation coefficient; vegetation; patch; feature analysis
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