H + % B & &
REMOTE SENSING FOR LAND & RESOURCES

B2, REMY
201046 A 15 H

No. 2,2010
Jun. ,2010

H T AdaBoost 2 1k 1 1 4 I 3 A5 SR 5%

& 4 TER, £ER
(L. FHAZKRESHX ER, T 475000; 2. P EH FRWERFS REFTH,LE 100101;
BHFARYAFE YR LN 730070; 4. K E 75711 H A, M 510515)

5 FIF 2007 4£89 L X CBERS #1881 AdaBoost A A% M ETEB/MYHILEE LHEHEL
METRENIEBORBRTEHES, URFE LS E., XRERER, AdaBoost HEER FIREER KNS

KIHE LB EFK.
X57: AdaBoost; SR IL M ; BHEER; CBERS
FESH#S: TP 701 X#EFRIAEG: A XERE

0 3

EER EEETRAPREERTEERANER
B A RERERHTREZR AL EANHRE
AR o BT AR T ) & [ R X 1 R
HARHAT 2, N 2R E A S B E R

BEE R TH Ay EEMZ A M Zh A
FHEAMEARN, BRARRITEIREAT
BAM B TERR FEHEN, FEH0A35
HBHERWE KRB SR MPRR L% E
BWERAHE, C. P. Lo {#H 70 mm HEEH #47
R, mE BN LA FHE ARV
BhXt Landsat 4B #1770 4, R il 1: 2.5 FTHIR
B A A EREERK. XEmERELE
AEMERENEE B ENELEMEL LHE
ERRTLEZM, FEHTRENEITR M
XHERL . MfE E %> R R 4 56 38 5 1E A R M
Landsat TM SRR IUE B i, H R RERZESEHN
B, RE%EEMAE B EDERHFFTIRE
BRI 4w E T IR, RSV EHRT—
AETFH— 14 15 £ (NDBI) 9 72 38, 38 i 4b 28
T™ R0 B, L # H 0 A F 48 T s R B A
HMEFNRRLHEREZAEERME A, LEHAR
B S T W FF Landsat TM 1%
BT R R B, THE T A A8 B R AT 8
SE S B AR TR I LA R b F B At 2K B A
Hf A, 30 A b 5 AR S T R M i R S
FIFFIEREAT T 4347 , TN R 26 8 638 49 BE 7T LAF) A

iy

B HA: 2009 - 12 -25; fiTHH#E: 2010 -02 -22

: 1001 -070X(2010)02 — 0086 - 05

NDVI i NDWT 43 51| $2 B 8 Ak, #1) R i B Ot ik
ZARFE A XA A AR, X RO SR R
e, R—FE A ER ek s Ry %, J.D.
Paola %1% X1t i 1] 44 222 %0 4% 0 8 K fBL SR 76 S 4 A
A RPN AT T AR IR A, A
R R EEING AL S AR — T EAEH
BHaEMERE LEBEER, FRHEMNE
X FRAMRM T E—MRANARREERF
2 EHPTR RIS R RIEE R E . J. Gao ' 4
A A EZHLERBM IR SPOT LB %
5l ) PR R b TR, %o B e vt PR FE RO R ot
T AR EEHYE R B IREISNE L B
MR FaEM T B ERANER — LB S
JCR B #2125 LA R M B 3 35 ) R A U T 5 ) R B9 1T 5
HAMRRERE,

B TERBRE GRS ENAR, REMSTEED
EKKEEARR, MR — N R 885t AR B 5r K HE
FEOAHER. 3 F5E @ REE, —1a%EE
XHERAT R BN AHEE &, TR H A K I AL,
EIWATARB BN K2, S RALF S EEEL
AR, EE—ENEMET . Bt LHETHER
MDA BESE—E, TUHAS BB - HEa)
SRBEHHSEGER, FAEEHLBRERS
EEECRI—NEERNPE A, I BERE
BOLHRNHTFARZHRIY FEERHNT K
B %, BEBREGRS LKL E, 555
RO A THAL AN S IERL, B—NEE¥
3K BIFHH , AdaBoost B E fE—FrHLER ¥ ik, I
BrZmAFERIRSISR . AdaBoost Y 443



gE2p

F 8,%: ETF AdaBoost HL MR AR AMERINTRRFE - 87

HRYEHA AR — BRI RS HEE
BTREEH " . X12IAE T HRTHBET
IR BHETIRTENEREENHILER,
XFFEMATATEAEER, BRT M,
53 F MRF 4y K BAm"™ . Baxs
FARE#IX 69 ASTER &4 hH 47 + B gl i,
ERAAAMKBHNSHE Y AdaBoost ¥ 21554
R -MEMESRBASE L, FIARBRSHMN
EHRBEARN, F R AL R,
RESENEREE, RIF X BIEER
FAARIR T 4 3t B 4R B, A TR UL IX. Quick Bird 8
BB T —FET S . SR M0 B H 5 R &
WIREUE Y HEESFILURTT S A OGS F R A
F R NDVI 3k ) v 48 B 4% s /9 55 46 T 4%, 338 i
Adaboost B HFAT VISR , #4555 K00 28 A 28 RUA R AR
BRI AR R INIRS . SEIREAZ 7k AT AR A Quick
Bird LR MBI IR (S B M TR A E
XN T —FHZA 50 LB E BRI KAS
B TR o 84743 26, (81 AdaBoost 41 &40 2
BT E B SR HE B AT R R
AR RRBUT TS, MRE S A AEEE,

1 AdaBoost Eik W EEfo £ E ¥ %

1.1 EXEFE

Boosting A — R MATHINL B ¥ ik, HE
BERRRSEIIR BN LT
B HME, B ik B T £ A X 187 B A B SR R 4K
BN -E RN oAk, X R AR
FA —MBRR R 55 43 225, 8 A FT RIS T4
KA BAF LR UARFRIES I E , Boosting
AL ET NP EBBRBRABR I —TRI LR,
ML b LIX R 5y 225 0T AR B EE & TH AT
fAl—AN555 K 3 HIBOR , B ik Boosting BB A X
AT T B Z—, AdaBoost B = |l 5 i& /i Boos-
ting H %, B & Boosting KX P RARKRHELRER
RWATEE ., B Y. Freund % A 7E 1995 48
U KRR A RIS RO TS, TR T
WA EFEA MRS, By —fEER
764 Boosting ",

7 AdaBoost B ik, B— M GHEA R T
— MY E W EEREFEAHE T —EPLBEAVNSE
SR, MREMERGYRTH SR EETS S,
WFEM & T —A B ALV GEN, B R P RIS
HEBFRAR; MR, R EABE SO AT 58
EHE, MM ERAHN R, @dXyR,

AdaBoost RESSZHIR A2 F AR LI T REAR . 7
AR Horh G5 R BT 2 e T
B KA KR RN AT AT S5 53 B A 51
AN . BABERIORIE, ERARI AR
AHBIXSY, AdaBoost Bk AEMRLFHIMHLE W,
XTI MR IR A, BB A RE T, 360G
I MER TRBARBOERA A
12 HEFE
AR B BHR, BT E A BRI
AR R R R T R PR
K, A F— I 552 1, AdaBoost 33K
ABRR KU TR
B IBHEA —MLE —MEAS R N B
s, B
S=1(x ) (o) | (1)
Rty el +1, -1}, RFREAIRERS,
+1 R RN, T - 1 TR0 R B R
#e AdaBoost B2, B AR (x,,7,) R 5
B AL & HIREE . R
— R (B TR R —Fh A BBk
A R TR 43 A R OB A S AN £33
PR BRI, T T — R AR 4 278
SRR, Serimit, ok B AR A B B
HAE VR LR ARO R ST K BHES
B, ki B, B AR BFE A — M
EHBRER, TUETRN
e(hd?) = $dO My, #h ()] (2)
ERREE BRI h, 25, FEEF
X REOAUE o, R/ MEBIR B K R T LI
BN
6(a) = Sewl -yl S ()1 (3)
B TETFRMBILE, d S5 88
R A IR AR BT DL Bl SO F st
Hy(x) = Sah,(x) (4)
BB R R, TURETH
H(x) =sing[ Hy(x) ] (5)
0L ERTR AN, BRSBTS,
@A S=1(x,7),(%,52) 7, (xnayw) |
(6)
y, el +1, -1},
O d” =i=1,2, N 7

@fRe=1,-,T, T RERAKE, BEFH
ES



- 88 - H + % B B8 &

2010 4F

kx| +1, -1} (8) ACRATHRTHGEE B%S L TFL0E
HE b, BRUINSHRE &, B ZEMEBALBMET IR IAE 3 BHILR,
e = SdOIy, #h,(x)] (9)
= 9 A 4 ;
@ %1,; I—;ﬂdﬁ“”‘ =d"exp[ —ayh(2)] (10) ALK AdaBoost H AN K BHETER

(1)
% 5, =0 R 5, > Bhilt, FFRE T=t - 1,00

’ N ’
d:+l =d§H”/,Z]d.'(H])

B LR ER G B U R E T REH K
DRBETAG, NTTRE THREE, fEAH
KW, X3 FEMEAELIM T MR,

2.1 yREER

o =a/Ta, (12) XS AT VT, T AR B EL IR
@it B TUR B S N B E A B M0 K
2 sk, B 1,
H(x) =sign] 3 ah,(x)] (13)
145 S54r
[ s i EHR
1401
o
& 135
e

424

1 @3 CBERS o543 B iy d8f 5 22 14 P b SHe i o) R o 28
Fig. 1 The spectrum response curves of urban area by CBERS image
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Tab.1 The texture characters of urban land use cover and non - urban land use cover of CBERS
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1 0.096 0 6.058 9 5.218 8 0.3512 2.2019 6.216 4 5.504 6 0.2570
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[5) e 0 1.000 0 0.475 8 0.2221 0 1.000 0 0.2429 0.106 0




24

# H.%: BT AdaBoost B MR FR A BRSNS RIR -89 .

2.3 BTREMSEZOHERAE

B3 F CBERS - 02 CCD ¥ iE®EFEAINKEL,
FrLAASBEM CBERS 18 AR BUSRE & A HAE
BERERT —F 2L NDBL W, BN
“ETRREMDEBNERTE", &%, #17JL0T
KIE R MARRGE RS ; KRG, #17 ERERHE
B R T BT E NDVI AT NDWI 3k 80K %
PBIX 5 HE SARER X F; 813 18 S A B A
e RE KK LR B RGERER; &
BEBEREBRBR THERTHE ™, &2
RETRERSEIF[ORB T EHNTE, EFHE
{Hil LR E 5,

EZYIRDECTH
JalER

B
‘ ¥
SRR KRR || Bih, R Wl
aARH L RIER> A H B

H2 BTRERDIAFZHRNAZRE
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Remote Sensing Based Spatio - temporal Evolution of
Land Use Pattern in Huangpu River Coast

FENG Yong - jiu, HAN Zhen
(College of Marine Sciences, Shanghai Ocean University, Shanghai 201306, China)

Abstract: Land use and cover changes are remarkably characterized by the temporal evolution and spatial
differences. Comprehensive studies of these characteristics are very important for understanding the structure of land
use and the trend of urbanization. With the support of the remote sensing and geographical information system
(GIS) techniques, the authors incised a width of 5km along the Huangpu River coast as the study area from the
Landsat TM/ETM * images of Shanghai in 1992 and 2008. Moreover, for a comparative analysis, the study area
was segmented into four sub-areas with the inner and exterior ring roads of Shanghai City. The two images were
classified by using the minimum distance classifier in Envi 4.2 to map the land use. Several indexes, such as land
use dynamic degree, intensity and relative change rate, were calculated to describe the land use changes. With the
spatial analysis functions for the graphic in a GIS environment, newly increased built-up area were mapped to
qualitatively analyze the spatio-temporal evolution of land use in Huangpu River coast. This study has demonstrated
that the built-up area was greatly increased, the gardened area was slightly raised, and the cultivated land was
drastically decreased in Huangpu River coast form 1992 to 2008. At the same time, the land use dynamic degree
and the intensity of the eastern area were larger than the indexes of the average values of the whole Huangpu River
coast.

Key words: Land use change; Remote sensing; Spatio — temporal evolution; Huangpu River coast
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An Adaboost Based Method for Dynamic Extraction of Urban Land Use
Cover with Remote Sensing Images

LI Rui'?**, WANG Juan ~le’, REN Zheng - chao®*
(1. College of Environment and Planning, Henan University, Kaifeng 475000, China; 2. State Key Laboratory of Resources and
Environmental Information System, Institute of Geographical Sciences and Natural Resources Research, CAS, Beijing 100101, China;
3. College of grass industry, Gansu Agricultural University, Lanzhou 730070, China; 4. The 75711 Troop, PLA, Guangzhou 510515, China)

Abstract: The problem how to combine the low precision urban land use cover classifiers to get higher precision is
dealt with in this paper. Using 2007 Shanghai CBERS ( China — Brazil Earth Resources Satellite) images, the
authors adopted the AdaBoost combination classifier, which can combine spectral feature information, texture
structure information and decision tree classier to improve the classification precision. The experiment results show
that a notable improvement of the classification precision of urban land use cover can be achieved by using
AdaBoost algorithm.

Key words: AdaBoost; Urban land use cover; Remote sensing image ; CBERS
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